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Confirm the known.
Discover the unknown.

mynd is the an advanced Al-enabled context mining platform,
enabling you to discover reliable strategic insights
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About Mynd

Mynd is an advance Al enabled cloud-based context-mining
platform, for unbiased text-mining research.

It is built by users, for users and shares 20+ years of proven research-
based strategic consultancy by Creax.

It is the result of the vast expertise in intelligence gathering and the
unmet need for a tool alike for fast, complex, multi-source and
unbiased discovery.

With that, Mynd consolidates this expertise and experience of over 2
decades of research-based innovation consultancy in the creation of
this state-of-the-art context mining platform for:

Science and technology intelligence
Market and customer intelligence
Competitive intelligence

Intellectual property

Knowledge management

We believe that unbiased research is fundamental to trust
groundbreaking insights and take strategic decisions.

Mynd combines both unsupervised context mining and human
feedback; and empowers the human intelligence with artificial
intelligence for that unbiased and unsupervised research. The platform
is initially developed to boost the efficiency, completeness and quality

of the cross-industry research activities of the Creax innovation experts.

Mynd applies an in-house developed topic modelling engine on
textual data from any possible data source.

The unsupervised analysis of massive amounts of documents in a short
time results in unbiased insights and discovery what is unkown.

The smart metrics and visualisations are designed to efficiently and
effectively discover emerging topics, non-trivial correlations and to
compare trends.

As data is abundant, accessible, but often unstructured, the challenge
is to transform that data in quantifiable and ground-breaking insights.
By doing that, Mynd takes advantage of existing knowledge to:

avoid re-invention.

gain strategic and ground-breaking insights; and discover
unexpected correlations.

build a solid ground for fact-based (research-based), strategic
decision taking.

confirm the know, discover the unknown.

Mynd transforms data into quantified and ground-breaking
insights, and build the solid ground for fact-based, strategic
decision taking.
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The Challenge

Transform data in quantifiable and ground-breaking insights

Data is abundant, accessible, but often unstructured.

Mynd takes advantage of existing knowledge to:

gain strategic and ground-breaking insights; and discover unexpected correlations.
build a solid ground for fact-based (research-based), strategic decision taking.

confirm the known, discover the unknown.
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Use Case

Immunotherapy and Oncology ...

Understand and discover new insights in
what are the major dynamics in the field of
Immunotherapy and Oncology , in terms of

scientific research ..

02 04
Get your topic model... .® % Analyse deeply ... M

Get your first insights and develop your ] Analyse and quantify unknown
topic model: a first high-level analysis concepts, unexpected correlations
and overview off all the data processed and emerging trends
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O- 0. Discoverthe story behind your data

you will use to build your topic model and build your ontology



1. Feed your mynd ...

scientific paper database search

Understand and discover new insights in terms of what are the

major dynamics in the field of Immunotherapy and Oncology

when it comes to scientific research

guery in your scientific paper database of choise (e.g. scopus, pubmed, Web

of Science,..) and export your abstract dataset with use of keywords related to
the brief:

TITLE (immunotherapy OR "immuno-therapy" OR "immuno therapy" OR "immuno
oncology" OR "immunooncology' OR "immuno-oncology") AND TITLE-ABS ( cancer*
OR carcinom* OR sarcom* OR lymphom* OR leukemi* OR tumor* OR blastom*) from
2012 till 2022

16.008 scientific papers found

No patent search performed

@
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(‘@ ) Define the scope of the various data sources

you will use to build your topic model
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2. Get your topic model ...

Get your first insights and develop your topic model:

First high-level analysis and overview off all the data processed in
order for you to understand what are the main fields that are
playing within the community of 16.008 scientific papers

what are big fields in terms of volume and what are trending fields in terms

of recency
what organizations ar focussing on what fields

set your focus and create dashboards
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Get your topic model... L& %
Get your first insights and develop your - [T

topic model: a first high-level analysis

and overview off all the data processed
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3. Build your ontology ...

Read the story behind your dataset of 16.008 scientific papers and
and discover the topic model at its hightest resolution.

Find concepts you know, dicover new ones; see how they are linked as

themes and how those themes are connected in a topic.

Select those concepts, themes or topics of interst to you, group them, order

them and build your own taxonomy and ontology.

Re-use your taxonomy for further of new research and discovery in updated

data sets or data sets from other sources.
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Get your first insights and develop your
topic model: a first high-level analysis

and overview off all the data processed
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s Recency 300 = 300 Size i) B 15901 & Clear Sorting # Reset Story ® Remove Bookmarks

Build your ontology ...
-~

v Topics W Themes Concepts Size Recency

Go through your story of 16.008 S
scientific papers and and discover .
the topic model at its hightest . ;
resulostion. imimne sensing

vaccinated mouse

Find concepts you know, dicover = r—
new ones; see how they are linked T
as themes and how those themes
are connected in a topic.

Filters

dc recruitment
myeloid mdscs tam pro macrophage myeloid cell phenotype m2 suppressorcell mdsc ml tams immune suppression 2203 023 D

Open the Filter pannel ... b

m1macrophage |m2macrophage

Select those concepts, themes or repolaization i type.
topics of interst to you, group them, macrophage polaization

csfir  blz945 csfl

order them and build your own . oun e
taxonomy and ontology. e T T ———— o o= R

scfv chainY fragment
cd25 T

cd122Y il2ra Y il2receptor T
i27

depletion of tregs

homing i ine receptor 507 015 Q
cxcll0  cxcl9
ccr2  ccl2
ccls
excl cxcmotif
angiogenesis Y bevacizumab Y vegf Y antiangiogenic therapy T 531 015 m
vascular ization 7 tumor ¥ tumor v

antiangiogenic agent T
blood vessel
anti angiogenesis

vessel normalization tumor vessel

Export Docs Select Collection $ A Document panel
L L e |
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P Recency -3.00 — m— 300 Size 10 15301

- Add New Filter

Building Blocks ~ AND OR NOT ( )

TTC Concept
1
+ Topics W Themes Concepts
Open the Filter pannel ... ——
cdn [dns) cyclic dinucleotide
Select those concepts, themes or aas
topics of interst to you, group them, " o oo | St atich

immune sensing

order them and build your own - p—

Filters Wikipedia Imported Filters

taxonomy and ontology. a ) g
i = ctes ers
Drag and drop the concepts of your o moo o
i i | Biomarkers P
interest in the filter bar and start et Chustar of differentiation ~
bu||d|ﬂg your OﬂtO|Ogy as you go myeloid mdscs tam pro macrophage myeloid cell/ phenotype [m2 suppressorcell mdsc ml (tams immune suppression <d103 (6/6) @ & W
through the story. ER) roprosrroming _ poariation cam2 (4 C e /oW
ml macrophage  m2 macrophage cdi22 (3/3) @ 4 0
[ _ - cdi22 (3/3) ©®© 4 0
- cd123 (7/7) © 4 ¥
P —— cd133 (6/6) @ ¢ W
cdi34 (8/8) © 4§
" D G di37 (2/2) e & W
- treg Y foxp3Y tregsY tregcell T regulatorytcell ¥ A o s W
S = fregment 55 (4/4) BRI |
&R call6 (7/7) IR |
cd22Y i2raY [ii2receptor T di63 (2/2) ® & W
27 cd19 (5/5) © 4 ¥
depletion of tregs cdid (9/9) @ ¢ W
homing i ine receptor €d20 (5/5) @ 4 0
cxcllo excl9 d200 (1f1) © & §
cerz cel2 cd22 (9/9) ® ¢ §
cd226 (4/4) e & W
— cd25 (10/10) e & W
G cxcmotl cd27 (4/4) e & W
angiogenesis Y bevacizumab Y vegfY antiangiogenic therapy T dz74 ) o /s ¥
vascular normalization ¥ (SBROMMal CUMOFVASCUISEUre N tumor vasculature T 276 (3/3) e 4§
antiangiogenic agent cd28 (3/3) © ¢ §
blood vessel cd3 (1) ®© 4 0
anti angiogenesis d30 (7/7) ® & W
vessel normalization tumor vessel cd33 (4/4) © 4 ¥
I cd34 (1) @ 4 0
cd38 (2/2) RN |

L e e, e  pn e e e . | »» 2§00 - - - 2222000 e e e
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P Recency -3.00 — m— 300 Size 10 15301

Detail View +Add concepts  @Save X Close
[x]
[EEEIEEE) veg foxps tregs tregcell regulatorytcell -1+

scfv chain fragment [-1+]
Showing 0 - 30 of 555 topics ‘cd25 -1+

- cdi22 il2ra il2 receptor [-1+]
27 1+

depletion of tregs [-1+]

+ Topics W Themes Concepts

et T RN TSI G U G CUCW sty mesgitesmc g RN

Drag and drop the concepts of your oo
interest in the filter bar and start “; O e divuciecide
building your ontology as you go .

through the story. ey
) | .. I | vaccinated mouse @ select All &, Download Selected Filters
Edit your filter, bij adding concepts, 3 —

Filters Wikipedia Imported Filters

@
3 Biomarkers ~ &
i i = T
themes or topics if needed. caiome " Custar of differentiation “
tnfr2 cd103 (6/6) @ 4 0
dc recruitment cdn2 (4/4) e s u
myeloid mdscs tam pro macrophage myeloid cell /phenotype 'm2 suppressorcell mdsc ml tams immune suppression cdi22 (3/3) re s ®
(iphenayps) reprogramming _polarization e e s
cd123 (7/7) e & W
m1macrophage m2macrophage
cd133 (6/6) © s §
o [repolarization| (m type|
cdi34 (8/8) © 4 ¥
o ‘macrophage polarization.
cd137 (2/2) © 4 ¥
sfli sfl
csnr (BiZ848) o 41 (3/3) e s ¥
u {m2 tams | mi tams| TSR © 7 8
- treg Y foxp3Y tregsY tregcellY regulatorytcell T <di6 (7/7) ©®© 4 0
scfv chainY fragment cd163 (2/2) e & w
cd25 T cd19 (5/5) A |
cd122Y il2raY |il2 receptor T cdid (9/9) e &0
& cd20 (5/5) e & W
depletion of tregs cd200 (1/1) R N A |
cd22 (9/9) © 4 ¥
homing i ine receptor
©d226 (4/4) © ¢ W
cxcllo cxcld
cd25 (10/10) © 4 ¥
cecr2  ccl2
cd27 (4/4) © ¢ W
== cd274 (3/3) © s 0
exel| cxcmotif cd276 (3/3) r e s ®
angiogenesis Y  bevacizumab Y vegf Y antiangiogenic therapy T cd28 (3/3) RN AN |
vascular normalization ¥ (SBROMMal CUMOFVASCUISEUre N tumor vasculature T cd3 (1) e & 0w
antiangiogenic agent T <d30 (7/7) T e & .
=] cd33 (4/4) ®@ 4 0
anti angiogenesis cds4 (1) © s ¥
vessel normalization tumor vessel CED(EA) O i
— cd39 (5/5) @ 4§
cd4 (7/7) © ¢ W

I I T ———————_— | —|m|py |es§msms$€msme»  » ooooiitpm. Yy I
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Safe your filter for later use and
analysis, give it a meaningful na
and assign to a Catergory and
Subcategory you define.

Build your own taxonomy or
ontology using all concepts myn
discovered and be sure not to m
anything.

Re-use or export your taxonomy
other research.

none, selection: none

New filter

Name

cd122

Category

Biomarkers

Subcategory

Cluster of differentiation
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4. Analyse deeply ...

Analyse and quantify unknown and new concepts, find

unexpected correlations and discover emerging trends.

Build your scatterplot, using you taxonomy, and discover what is new and

trending.

Build your heatmap and find correlations between the different categories

and subcategories of your taxonomy or by using the meta data of your

scientific papers.

Have acces at any time, at any scientific paper by a simple click

trough.

02

Get your topic model...
Get your first insights and develop your

topic model: a first high-level analysis

and overview off all the data processed
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Analyse deeply ...

Analyse and quantify unknown

concepts, unexpected correlations

and emerging trends

O1

Feed your Mynd ...
Define the scope of the various data sources

you will use to build your topic model

O
o
o

o -0
.« O
« O
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Build your ontology ...
Discover the story behind your data

and build your ontology

@
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= Discover what is new and trending
(high recency and low volume).

renal cell carcinoma \
pancreatic adenocarcinoma \
\ \ P —— neck squamous cell carcinoma AN N

ovarian carcinoma

= Find what is allready established (still

DISEASES \

N\

heptocellular carcinoma — \

e — colorectal carcihoma\

recent and high volume). acute myeloid leukemia — _— urothelial carcinoma N\
. . . , ) ® e AN
= Learn what topics are disappearing (low refactory acute myeloid leukemia @ gastric carcinoma \\
: @
recency and decreasing volume) Q\ N
acute lymphoblastic leukemia — — metastatic renal cell carcinoma N
See the forefront of innovation. , \
' _— head and neck squamous cell carcinoma
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advanced colorectal cancer @
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T-cell lymphoma —9 PY \\ ‘ lung squamous cell carcinoma \
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A
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/
. . /
hepatobmary cancer . skin cutaneous carcinoma

@]
o
z
—
m
<
—
| : /0
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advanced esophageal cell carcinoma
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Recency plot

Discover what is new and trending
(high recency and low volume).

Find what is allready established (still
recent and high volume).

Learn what topics are disappearing (low
recency and decreasing volume)

See the forefront of innovation.

Have acces at any time, at any scientific
paper behind any topic, just by a simple
click trough.

VOLUME

ter-t cell therapy

nimotuzumab
dendritic cell therapy

THERAPIES

inotuzumab
trametinib rituximab
blinatumomab
dabrafenib
vemurafenib
ipilimumab
pazopanib
axitinib
sunitinib
trastuzumab
dinutuximab
osimertinib
cemiplimab
obinutuzumab
infliximab
alemtuzumab
catumaxomab
ibrutinib
ofatumumab
erlotinib
afatinib . .
imatinib
gefitinib
crizotinib
nintedanib elotuzumab
-15 -1 -0,5 0
RECENCY

durvalumab

ramucirumab

regorafenib

cetuximab
toripalimab
sintilimab
sorafenib
daratumumab
0,5

nivolumab

cabozantinib

camrelizumab

apatinib

pembrolizumab

25
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catumaxomab

cemiplimab

axitinib
sunitinib
pazopanib
durvalumab

ipilimumab

dabrafenib
trametinib
vemurafenib

toripalimab

sintilimab

cetuximab
inotuzumab

rituximab

blinatumomab

dinutuximab

trastuzumab

osimertinib

gefitinib
crizotinib

nimotuzumab

erlotinib

afatinib
nintedanib
daratumumab
alemtuzumab
obinutuzumab

ofatumumab

ibrutinib
car-t cell therapy




CONTEXT MINING

m

2UJIOUIDIED [|9D 924N DI1BISEIaW
2UJIOU|DJIED SULID0PUS0INaU |92 abie|
euwlodJes ojydiouwoa|d palenusiayipun
2UIOUIDIED0USPE YORWIOIS
eUIOUIDIED |92 JB3|D [eUal Aoupiy
eulodJes 1ed 1Jos Jejoaaje

BUJOUIDJED [|9D |[BUSI [|9D JB3|D
2UJOUIDIED |92 SNOSUBUIND PAdUBAPE
2UJIOUIDJED [|9D SNOSURIND
2UJIOUIDIED [|9D [9XIaIN

euJouloleD [|92 |eseq

2UJOUIDJIeD SNOBURIND UIXS
euIouUI24eD JIWAYY

euIoulDIed0UdpE DlIISeD

ewlou|oied [eabeydosse

J@oued 10ei Alel|iq

euIouU|DJed UBIIBAO

euJou|DJed [B10910[0D

ewlou|oJed oliised

eWIOUIDIeD [B1118WOPUS

euJouIdIeD |el|ay1oin Jsppelq
2UIOUIDJED0USPE UO|0D

DDSNH dneiselawl

euJoUIDIED ||92 Snoulenbs %osu pue peay
BUIOUIDIED |92 Showlenbs »oau
Jouuny [eljayiids olwAyy
eulouldiedouspe Bun|

euIoUIDIeD |BDI1I0D0USBIp.

Jaoued Aseljigoleday

eUIOUIDIED |BI|8Y10iN PadUBAPE
ewouldled [eljsyloin

euJIouUIDIeD |30 |BuUsl

EUJOUIDIED [|9D [BUSI DI1BISEISU
EUJOUIDIED [|9D [BUSI POOUBAPE
BUWIODIES 09150

euIODJES 9NSSI1 YOS

BUWODIES |BIAOUAS

euloulDIeD0USPE Dl1ealoued
sisoleudouldied [eauoiliad
eulou|oiedolbuejoyd olredayesiul
euioydwiA| uyBpoH

eluSXNa| PIOj9AWI D1UOIYD
ewoydwA| Jejnoy|jo}

ewouldied [esbulieydoseu
ewlou|oied ||90 snouenbs Bun|
J92UED UBLIBAO |Blj2ylida

192UED |B10910|0D PADURAPE
eulIoUIDIeD D14ISED padueApe
ewiouldied Alewudeud

ewlou|oied |[20 snouenbs |eabeydoss
Japued 101 Alel|ig pasueApe
ewou|oiedouape |eafeydoss
J19oueDd |eabeydosa paouespe
euwlouldied |90 [eabeydose pasueApe
Jaoued Jappe|q|eb

euJouloled Jejn|j@do1dey

euloulDJed Jejn||@201day padueApe
elwayna| 211Ao0ydwiA| 21uoiyd
e|wayna| pIojaAul @1nde

elwayna| plojaAud @1nde Alo1oejal
ewloydwA| [|9o- |

ewloydwiA| [j90-g

elwayna| olise|qoydwA| ainoe

ewoyduwAjubpoy uou
ewloydwA| [|90-g abie| asnyip
e|usynal [|92-1 1npe
ejuaxna| olelpad
ewloydwA| [|92-| snosueind
ewoyduwA| Aio1oejeu
eulodJesoAuiopgeyl

ewooles olelpad
BUIODIESOAWIOID)

BWI0D1esOIq L

car-t cell therapy

eUIOU|DIED |92 Snouwdenbs |elo .
eulou|oJed AJIAED [elo
tEee2ReeE2R23RE % 2228886688228 222RR60%
Hi SEEEEECEEEEEEEiEtREtits
NENNSS 582525525 SESBECN3EZNEENNFTLENRES
8§ 2 £28"@S3ES SEEsw88=238% °8  £2ES3
v £33 §8 & o&¢° g~ £l £lB 5 £ 59 £5
o 510 o = T ®%
Y— Y= ko)
o) . C O o b
25 $ @Yce Ugg
o c
O ce o ESG64 c8E
) = Q I o3 S I )
© o O w Cc gr = O ©
0 o 0Qngc C T2
a oS5y “oggc ©30
0L 2> TEOTO » o v
: O+ C oy S5 © O v .
) C s 0o = O
> s C Q0 @o-=0 & 3L )
) Weap v 0 cL C o O = 30
R omta MhaﬂQb mwmw 5 00
a Q=09 S80E &5 922 c O
n + D D+ O 0O o
© .Ieommoawo SIRU =2 Bm.m
J] Naosxe2 U035a20 35355 s
c © Cc C .= a o
[ n n T ©® @ O —




euJouldied [ellayiodn

Jouuny [elayde o1wAyl

BUIOUIDIED DIWAYY

BUJODJeS 8NssI] Yos

ewouUlDJeD snoaueINd uiys

eulodlesoAwopgey

BUJOUIDIED ||9D [eUdl

SIVENTSE]
plojaAuu 81noe Aio1oeal

SISO1BUIOUIDIED [RaUO)IIad

eulouldiedouspe dlealoued

euIoUIDIeD UBIIBAO

BUI0DIES 09150

euloulDJed [|92 snouenbs [elo

eulouioied AlAed elo

ewoydwAjupibpoy uou

©UJOUIDIED ||92 SNOWENDS %o8u

euwouln.ed [eabulieydoseu

BWIOUIDIED [|32 [BUS DI1R1SE1I8W

DDSNH dheiselsw

ewoulnled Aleuiwew

BeUIOUIDIED [|92 Snowlenbs Bun|

eulourdedouspe Bun|

eulouInIed
aUlIDOPUBOINaU ||8D ab.e|

eulourdied Jejnjje201day

euJoulnied
||22 snowlenbs 28U pue peay

euJouloled ollsels

eulouldIedoUspe dlseh

ewoydwlA| Je|noljjo)

euJouinied
1192 snowenbs |eabeydoss

euloupied [eabeydoss

J90Ued UBLIBAOC [Bll2YYIde

BUJOUIDIED [BLISUIOPUD

ewoydwlA| ||90-g able| asnyip

euIoUIDIeD [|92 SNoBUEIND

BUIOUIDIED (1231002

eUIOUIDIED0USPE UOJ0D

BUJOUIDIED ||92 [BUSI ||8D Jed|D

elwisxna| 2nAcoydwA| oluoiyd

BUIOUIDIED [BI|3Y10IN PadURADE

BUIOUIDIeD || [BUSJ PaDdURAPE

euJouloied
Je|n||@d01day pasuenpe

ewoulDIed d11seh pasuenpe

Jaoued [eabeydoss paoueape

yile}

19DUED [B10310|0D PadueApE

BUIOUID.IeD [EDI1I0D0USIPE

elwiaxna| plojaAw e1nde

between the element of

Discover correlations = ©°
your taxonomy

Heat map
Organisations vs. Thera pi?

volume

(organisationsvs.

therapies).

Cluster and reshuffle

your heatmapbased on
pattern recognition and

reveal hidden'cllsters of

combination

CONTEXT MINING

m



CONTEXT MINING —

euwIouIDIed [Bl|ay10in - - - - -

Jouuny [ellayde o1wAyY

euIoulDIed DIWAYY - -

eUI0DIES BNSSI] YOS -

m

BUJOUIDIED SNOBUEBIND UIMS

eulodlesoAwopgey.

e e Ene . - ! - - _ - -

EIVVENTET] -
sisolewoUlDIed [eauolliad

[
i I
eulourdiedouspe dnealoued - -
©UIOUIDIED UBIIBAO - - - - -
BUJOD.ES 09150
©euJoUIDIED [|92 SNOWENDS [elo . - -
euJoulnIed AUAeD B0 - -

ewoydwAjupibpoy uou -

FLOUIEIED 92 n0tEnD oo - ' . - - l ' - - - - . -
ewoulnled lesbukieydoseu
BWIOUIDIED |19 [eual D1eIseIswl - -
DDOSNH dheiseiswd - - -
ewJoulDIed Alewulew . - - -
euJoUIDIeD [|92 Snowenbs Bun| - -
eudoulolesouspe bun| - - - -
ewJouloied
aulIdopUB0oINaU ||30 abie|
FLHOURED JENIZIGR - ! - - - - . -
euJoulnied
||22 snowlenbs 28U pue peay o
ewioulpied oseb - -

eulouldIedoUspe dlseh

eLoudw A EnIe; - ' - - - - - - - -

euJouinied
1122 snousenbs |eabeydoss

plojeAus 81noe Aio1oejal

ewlouloled [eabeydosa -
JERIVERIVEENANNIEINRICEY
eUIOUIDIED [BLIBUIOPUS -
ewoydwlA| ||90-g able| asnyip
eulouIDIeD ||92 SNoBURIND - -
BUIOUIDIED [212210]0D - ' . - - - - - -
BUIOUIDIBI0USPE UOJ0D
BUJOUIDIED ||92 [BUSI ||8D Jed|D
elwaxna| oAdoydwA| o1uoiyd
EWIOUIDIED [BI[SY10IN PIOUBADPE - - -
BUIOUIDIED |[92 [BUS PaDUBADE
ewouie - - - ' -
1e|njj@d01day pasueape
ewioulDIeD DlIseb padueApe - -

J9oued |eabeydoss paouespe
ewJouloied
[[22 snoaueuINd pasueApe

192UED [B108.0]0D PIdUBAPE - - - - -

EUIOUIDIED [BD[1I0D0USIPE

B B | |
eluwayna| plojaAul a1noe
elwaNa| olse|gqoydwA| e1nde
Beulodles
olydiousos|d palennuaiayipun
(%] Y— s o
mm@;qszcgmcozo e © 2 Cco
o P O%S a.ld.
0 C B5 S CE
Qooydwn i&s @ mm c m ) g
2 .MMMH .mmM\ammvmws&mmmm%w@m?miziw o R R S B S o e SRR ER e A P
= © bmwmm% Fokr vk od Eh Rl E REEfR285535E 0285758205
g O E s P O U S EESEccE 2590 SERTT 0T 5887058 £55
fall o o o rg = = g |E c ) a v o c (o]
S o oY oo c O O Efxg olEl T fa} c £ 9 fon
— 5 c 0 o INO) E c & Sig LY o 3 = I} i3] [}
) 0C &8 5 ©Esgg O %&mwn 5 & =5 = & g £ g
& CeS5®Ew Ss0oR YL . 55 ¢ 8 3
o HHMQG Co>-=0 &3 b
S 0 9 Occ c SO S
ol >dad8ca glE=z YEST 0L
0 0xCoco g Qo2 O a5 o0 = 3P
o O L o S 9 0 S = bt |OO
c w39 5538¢Y¢ 00 5 .0
© ALOogC 50830 OUPL 3O
o)) No L2535 0Oxaf0 Z>>0 L
= cc.= o Q-
= 3 ©
O . . T owooO 9L q0




other use cases

de-risk and accelerate your research and innovation process

Science and technology intelligence
Market, customer and consumer insights

Competitive intelligence and Intellectual property

Knowledge management
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